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Novel image contour grouping algorithm
based on competitive layer neural network

TIAN Shu-hua, SONG Li-ming, WANG Geng
( Department two of Information Engineering, Tangshan College, Tangshan Hebei 063020, China)

Abstract: An image contour grouping algorithm based on Competitive Layer Neural Network ( CLNN) was proposed. The
presented algorithm, which is inspired from the lateral interactions and WTA interaction within the biological visual cortex,
performs the grouping perception on the image by using the visual signal processing mechanisms similar to the biological

neurons. The results of experiments show that the proposed algorithm exhibits stronger grouping capability and promising anti-

noise capability.
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