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E-mail classification based on concept vector space model

ZENG Chao, LU Zhao, GU Jun-zhong
( Institute of Computer Applications, East China Normal University, Shanghai 200241, China)

Abstract: A new approach of e-mail classification based on the concept vector space model was proposed. In this
approach, the eigenvector of the e-mail was extracted during training process by replacing terms with synonymy sets in
WordNet and considering hypernymy-hyponymy relation between synonymy sets. Then, TF #x IWF % IWF method was used
to revise the weight of the concept vector. In the end, the type of e-mail was determined using the simple vector classification
method. Compared with the term-based VSM approach, the results show that this approach can improve the accuracy of e-mail

classification especially when the size of training set is small.
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