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Research of ontology uncertainty reasoning based on Bayesian network

YANG Xi-quan, CAO Xue-ya, GUO Di-na, ZHOU Jian-yuan
(School of Computer Science, Northeast Normal University, Changchun Jilin 130117, China)

Abstract: This paper adopted OWL to extend the uncertainty representation in domain ontology and support uncertainty

reasoning by Bayesian network. The experiment shows that Bayesian network together with ontology can preserve the

advantages of both, for ontology has power of knowledge presenting and Bayesian network provides ability of reasoning. It can

obtain knowledge from partial probabilistic-described information and instruct practice.
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