%28 5% 8 HHAAEA Vol. 28 No. 8
2008 48 H Computer Applications Aug. 2008

451001 - 9081(2008)08 — 2077 — 04

BEEXRSEARMEMN%

P Y
(P EBLEERE AP, AL 100083)
( wdyin1004@ semi. ac. cn)

# E:5477 BP.RBF fo ARTMAP A LAY 2 M AL LKMok H 5 @R 24,5 F RBF F R4 T
AT MR AR X ARG ER, EE R BRI MG EARIER, ZERHELZF ML BA
HAREPMf A THEDGRAMESFHE, EAAZERMREENFRELAEE RPN PO BFLG LR L, R
BT —HAMGALHEREEY——F F QAT E N % (PDNN) , itk BP M % Fo RBF W 4542 & S84 Fe b o 1 1)
5V FUR 5 @ 6 2T e S B, & 3L PDNN B 3k % R 4T 691838 At fo Sk M4

KA RBF AW B WA AR KR BEER, BRIES; 257§

hE3E S TP183 SCERPRRAS: A

Covering framework and primary direction neural network
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Abstract: Some widely used artificial neural networks such as BP, RBF and ARTMAP were discussed on the common
points they shared when solving nonlinear regression problems. A framework, proposed accordingly, suggested that such
problems should be implemented in two steps: sample covering and model-based map regression. This idea stems from two
aspects, I.e. simulation of human brain’ s information processing and Biometric Pattern Recognition ( BPR). As an instance,
a new network named as Primary Direction Neural Network (PDNN) was proposed on the ground of the density of certain
function set in continuous function space. It is used to solve two kinds of problems, function regression and stochastic time

series prediction. Compared with BP and RBF neural network, PDNN has preferable approximation and robust performance.
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