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Imbalanced recognition algorithm for promoter sequence

LUO Ze-ju', SONG Li-hong®, LU Sheng'
(1. Computer Science and Information Engineering College, Chongqing Technology and Business University, Chonggqing 400067, China;

2. Economics and Management Center, Chongging Technology and Business University, Chongging 400067, China)

Abstract: By improving the Hessian matrix diagonal parameter, adjusting the hyperplane displacement and separating the

few samples from two-class imbalanced samples, with reference to the hidden Markov random iterated algorithm, the

experiment indicates that we cannot simply fix the diagonal parameter of Hessian matrix, and must add proper weight

coefficient that can be adjusted to control the number of error-divided samples, recognize promoter sequence. The average

recognition rate comes to 92. 8% .
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