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Face recognition method based on Gabor wavelet and common vector
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Abstract: The performance of subspace-based face recognition methods is easily affected by variances of lighting, pose
and expression. To overcome the limitation, a novel face recognition method was proposed which combined Gabor filter and
Common Vector ( CV) approach. Gabor filter could better extract the local features of images because of its selectivity on scale
and orientation, and it is robust to variances of lighting, pose and expression. The common vector is a linear subspace
classification method, which can obtain good classification results by extracting the common property of each class training

samples. The experimental results show that the proposed method can obtain good recognition results on ORL and Yale

databases.
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