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Prokaryotes gene identification based on nonlinear SVM

ZHANG Ji-hong, LI Xiao-xia, SUN Bo
(School of Information Engineering, Southwest University of Science and Technology, Mianyang Sichuan 621010, China)

Abstract: This paper presented a nonlinear least squares support vector machine method to identify the prokaryotes gene.
This method generated training sample sets by searching sequence Open Reading Frames (ORF) and comparing ORF sets with
reliable gene location document, extracted two sample features of GC content and Z curve, examined information content of
these features by T-test, and designed nonlinear least squares support vector machine classifier to recognize gene. The results
show that the recognition rates of nonlinear least squares support vector machine are 7. 09% ~29.97% and 10.97% ~
25.45% higher than Fisher and linear support vector machine respectively under different feature combinations, and the
nonlinear support vector machine method performs better when the feature information content is less.
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