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Audio clustering algorithm based on Mean-Shift in broadcasting
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Abstract: Since most clustering algorithms depend on the number of the prior knowledge, a novel broadcasting audio
clustering algorithm based on Mean-Shift was proposed. Firstly, a Principal Component Analysis (PCA) transformation was
used to reduce redundant feature set information, which based on wavelet domain. Mean-Shift thought was applied to cluster
the audio as the primary clustering. Then it used the fast nearest neighbor algorithm to revise the result of the first time, and

merged the class that only contained single sample to the second correction. The experiment results show that clustering

accuracy has been improved to a certain extent.
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