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Abstract: The main contributions of this paper include: (1) introducing the basic concepts and mining methods of

intervention rule over sub-complex system; (2) proposing the classification criteria for the tasks of 1nterve§%ules mining;

(3) surveying the advances on three special mining techniques for intervention rules, 1nclud1n%A

intervention discovery from data streams, and intervention mining from parallel event sequence

and future research of intervention rules mining.
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