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Algorithm of anomaly detection based on centroidal Voronoi diagram
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Abstract: Network anomaly detection has been an active research topic in the field of intrusion detection for many years.

However, it has not been widely applied in practice due to high false alarm rate, etc. Based on the %ldal Voronoi

diagram, a new algorithm of anomaly detection was proposed in this paper, in which the centroid

in the clustering of sample data first, and then the point density was computeﬁ:t accordmg to
n

sample point, which was used to determine whether the sample data oftnal or
well known KDD Cup 1999 dataset demonstrate that the new algo

rate.
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