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8) node = Locateln (btree, j % ¢ + dis)

9) searchInward (node[ 1], j*c¢ +dis — 1)
10) searchOutward (node[ 0], j*c + dis + 1)
11) else

12) node = LocateOut ( biree, j * ¢ + dist_max,;)
13) searchInward (node[0], j*c + dis — 1)
14) end if

15)  else return null

16) end if

13) end for

Hik 2 searchlnward Bk,
searchInward ( node, ivalue)
/ % e is entry in node */

1) if (not end of Partion) and (e,. key > ivalue)

2) for each entry e, in node
3) if (dist(e,,q) <)
4) RS = RS U e,

5) end if

6) end for

7) else return RS

8) endif

9) searchlnward (node. lefinode ,ivalue)
H:#3 searchOutward Bk,
searchOutward ( node ,ivalue)

/ * e is entry in node */

1) if (not end of Partion)

2) for each entry ¢, in node

3) if (e;. disi_mini < ivalue)
4) if (dist(e;,q) <r1)

5) RS =RS U e,

6) end if
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7) end if

8) end for

9) else retum RS

10) end if

11) searchOutward (node. rightnode ,ivalue)
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