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Abstract: Nonnegative Matrix Factorization ( NMF) is a new method for feature extraction an i

It has an advantage over traditional algorithms in the simple 1mplementat10n and the mterpret

factorization result. But NMF could not decompose the samples matrj n t is 1
incomplete dataset, NMFI ( Weighted Non-negative Matrix Fact c
es,

decrease the error and weighted method to control welghts

as much as possible. In addition, NMFI used reglon r iu
e ctlvel

The experimental results demonstrate that N
of missing data.
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