#3055 5H W HAULR A Vol. 30 No. 5
2010 %5 A Journal of Computer Applications May 2010

SCEE S 11001 - 9081(2010)05 - 1394 — 04

— 2 AR S 1t ) A B 1 e B A Y

ILH
(BRTGIE TRt SR PPy {WH 723001)
( wanghuizhan@ gmail. com)

B E:ATHEBRASESA T atf 28 FERBRIE, E6ARRBGERN T REZSAH AT R
3P 3 0 5 5] BEAL(MPARMA) , 28 7 MPARMA A 09 P AR L0, % T HEZ R KA (EM) Fokoo B M, 83
PM10 3% & B 5| 547, #:45 7 MPARMA 28 69 £ A,

XK@ A E A A AR E T, FAMEM £ 5485 £

RESHES: TPl  THARERS:A

Nonlinear periodic time series model

WANG Hui-zhan
( Department of Mathematics, Shaanxi University of Technology, Hanzhong Shaanxi 723001, China)

Abstract: In combination with finite mixture modeling, mixture periodical autoregressive moving average ( MPARMA)
models were introduced to fit periodic time series with asymmetric and multimodal distributions, the stationary condition of
such series was derived, and the application of Expectation Maximization (EM) algorithm was discussed. Q\%w model was
evaluated by analyzing the PM10 concentrations.
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