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Abstract: Measuring semantic similarities of terms is a key issue in many research fields. This% @g})posed a method

based on the Directed Acyclic Graphs (DAG) of terms and the intrinsic information content of t0 measure the semantic

similarities of terms. It first calculated the sub-graphs of two terms ba ﬁne dirf%@ ¢ graph, and then calculated

the intersection and union of the sub-graphs. The semantic simi

ratio of the total intrinsic information

W o] erny
content of terms in the intersection to the total intrinsic 1iwt;$ﬁntem in the union. The experimental results

show that the method has a higher degree of accurac
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