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Abstract: According to the deficiency of de-noising algorithm based on the traditional transform domain, this paper

proposed an image de-noising algorithm based on Shearlet transform. Firstly, a Shearlet decomposmon

construction

implementation method was proposed in this paper. And then, the Monte-Carlo method was used to x atlon of the high-
C

frequency coefficients. Finally the shrinkage de-noising would be done accordmg to the thresh

results demonstrate that the method can remove noise and remain edge; % taln
at1
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