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Connected component labeling algorithm based on run recursive method
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Abstract: A run-based recursive labeling algorithm was proposed based on the previous al
The algorithm scanned the whole image level by level until a run unlabeled was found and

searched based on recursion until a connected component was genera%

forward and backward from the start point of current run on its

according to the relationship between the two runs and the
algorithm can complete the labeling with only one ti
show that it is more efficient and occupies ltizs
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