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New linear genetic programming approach
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Abstract: A new genetic programming named Symbol Genetic Programming ( SGP) based on a new encoding method was

proposed. This new encoding method absorbed the merits of many other linear genetic programming methods. It coded with a

simple, unrestrained string. Based on its characteristic, multi-expressions could be contained in one individual without the

increase of computation task. This method is proved to be effective and stable through the complexity analysis and experiment.
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