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Defect detection of low contrast watermark image
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Abstract: Based on the fundamental principles of feature extraction of PCA and KPCA, an improve od to extract

features of non-linear image so as to rebuild image was proposed for detecting embedded watermark ity @ cts. This method

decreased greatly the dimension of Core Matrix and kept the information of ﬁm})edded waterm

reduce dimension effectively, shortens computation time and 1

ge effectively. Thus the

defects of images could be found out through comparison. The experi \ Its sh“t s method enables input data to
ctl and accuracy. KPCA has a higher

performance index and wider range of application than PC
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