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Method for BBS topic tracking based on semantic similarity
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Abstract: To study the BBS topic tracking, the paper discovered that most of the traditional methods of topic tracking
deal with news reports, and they are not suitable when they are applied to BBS. The paper utilized the characteristics of BBS
and presented a topic tracking method for BBS data based on semantic similarity. This method firstly constructed keywords
tables of topic and post as their representation models, and then computed the two tables’ semantic similarity with the help of
HowNet which is served as correlation degree between post and topic. Finally, this method used the correlation degree to

realize BBS-oriented topic tracking. This method effectively avoids the disadvantage of Vector Space Model ( VSM). The

experimental results show that this method can solve the problem of BBS-oriented topic tracking effectively.
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