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Parameter optimization of mixed kernel SVM based on
momentum particle swarm optimization
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Abstract: Support Vector Machine (SVM) can be used to solve classification problems, and it is very important to
optimize its parameters. With the introduction of mixed kernels, SVM has one more adjustable parameter. Because it is hard
to obtain the parameter by manual or experience, Momentum Particle Swarm Optimization ( MPSO) was used to find the best
combination of the basic parameters and mixed adjustable nuclear parameter of SVM. Finally, the simulations of UCI data

show that the proposed algorithm provides an effective way to search the best parameters combination, and makes SVM have

higher performance and better classification accuracy.
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