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Abstract: A multi-level document clustering algorithm was proposed based on association rules, It G(S\@ed ducument
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feature vector of topic and keyword by using a new method of document feature extraction. &;‘, t found the initial
ducument clusters by using fast algorithm of finding frequent item sets in topigyector spage, 6 U1 keyword vector space, re-
pmsity. X&cessing initial clustering by using

clustered the initial clusters according to the cluster distance and the
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