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Parameter optimization for balloon force Snake model based-on
parallel genetic algorithm

ZHAO Yu-qian, LIU Chui
(School of Geosciences and Info-Physics, Ceniral South University, Changsha Hunan 410083, China)

Abstract: The image segmentation effect of balloon force Snake model largely depends on the initial parameters’
selection. A new method based on Genetic Algorithm ( GA), which is efficient, parallel and global searching, was proposed to
solve the selection of optimal parameters. In this paper, the ‘parallel genetic computation was used to calculate optimal
parameter, the energy function of Snake was used as an object function,~and, the image similarity function was used as the
criteria to stop genetic iterating. The results of real medical images prove.that the proposed method can avoid the trivial of

selecting parameters artificially through a large number of experiments; also solve the problem of not ideal result caused by

unsuitable parameters’ values, and it can get excellent segmentation effect.
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