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Application of state evolution patterns mining in traffic flow forecasting

YAN Di, SONG Su
(School of Electronic Information & Control Engineering, Beijing University of Technology, Beijing 100022, China)

Abstract: The traffic flow forecasting is the hot spot in the research of the traffic flow guidance. In order to extract the

characteristic law that the traffic flow changes, a framework of state evolution patterns mining was adopted aiming at the

characteristics of the traffic flow data. A method of discovering traffic flow patterns and rules were presented and validated

through experiments.
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