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Text filtering based on support vector machine of semantic space
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Abstract: Traditionally, text filtering based on support vector machine uses the vector space model to represent the text
and user profile. Vector space model draws the noise into the system because it assumes that the word in the text is
independent and it influences the performance of the filtering. The proposed method was based on vector support machine of
semantic space in which text and user profile were represented by the semantic space. The proposed approach used the
singular-value decomposition to derive a latent semantic space. User profile and filtering threshold could been got by training
the support vector machine in the semantic space. And the similarity between the user profile and new text was computed by

cosine measure, after the new text was mapped into the semantic space. Experimental results show that the filtering rate of our

approach can get 98.67% .
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