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Clustering algorithm based on rough set and Cobweb

XU Quan-qing, ZHU Yu-wen, LI liang, LIU Wan-chun
( the Department of Computer Science and Engineering Beijing Institute of Technology, Beijing 100081, China)

Abstract: An efficient algorithm CRSC(a Clustering Algorithm Based On Rough Set and Cobweb) was proposed. Aiming
at the shortage of Cobweb and according to some correlative theories, the theory of rough set was imported to solve a best

reduced set of attribute-value pairs, and then it was combined with Cobweb algorithm to construct a hierarchical tree. Our

experiment study shows that it greatly advances efficiency without losing accuracy compared with previous methods.
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outlook temp humidity windy play
sunny  hot high false no
sunny  hot high true no

overcast hot high false yes
rain mild  high false yes
i cool nomnal false yes
normal true no
overcast cool nommal true yes

sunny mild  high false no

gunny cool normal false yes
mild nomal false yes
mild  normal true yes
mild  high true yes

hot nomal false yes
14 rain mild  high true no
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U outlook temp windy play
1 sunny hot false no
sunny hot true no
3,13  overcast hot false yes
4,10 rain mild false yes
5 rain cool false yes
6 rain cool true no
7 overcast cool true yes
8 sunny mild false no
9 sunny cool false yes
11 sunny mild true yes
12 overcast mild true yes
14 rain mild true no
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