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An efficient algorithm for mining association rules based on concept lattices

XU Quan-qing, ZHU Yu-wen, LIU Wan-chun
(School of Information Science and Technology, Beijing Institute of Technology, Beijing 100081, China)

Abstract: Apriori algorithm was researched and its merits and defects were analysed. A new association rule algorithm,
Apriori algorithm based on concept lattices ( ACL), was put forward. It adopted concept lattices and equivalence relationship,
made use of the theory of rough sets, and then calculated to gain frequent 2-item £, ,. Experiment results show that ACL is an

efficient algorithm, and outperforms previous methods.
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