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contourlet local Gaussian model and total variation
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Abstract: Single-chip digital cameras use Color Filter Array (CFA) to sample different color infg @
CFA interpolation algorithm interpolates these data to produce an RGB image. A color image CF t :9
proposed based on contourlet local Gaussian model and Total Variation % In ordgr

ation algorithm was
ove the edge interpolation
quality, the sparsity of image gradient was integrated in 1nterpolat0 and \} or Total Variation (CTV) was
introduced to measure the sparsity of the image gradient, ? rim lts show that the proposed algorithm
outperforms the classical algorithms in terms of both P “No NR) and visual quality.
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