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Improved FCM algorithm based on PSO and SFLA
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Abstract: The traditional fuzzy clustering algorithm is sensitive to the initial point and easy to fall Hfglﬂ% optimum. In

order to overcome these flaws, an improved Fuzzy C-Mean (FCM) algorithm which combines the Pa C

(PSO) algorithm and Shuffled Frog Leaping Algorithm (SFLA) was proposed Through de51gn1ng

ability to jump of local optimum of SFLA, making the 1ntegrat1

arm Optimization
arch granularity factor,

ong global search capability,
At the same time, the update

it could take advantage of the fast convergence speed, strong local sea y of ‘
tler
algorithm of SFLA was improved. The experimental resu hls improves the search capability and the

clustering performance of fuzzy clustering algorlthm adv tages in the global search ability escaping from local
optimum capacity, and convergence speed.
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