% 31 %5 6
2011 %6

HEALE A
Journal of Computer Applications

Vol. 31 No.6
June 2011

SCEE S 1001 - 9081(2011)06 — 1598 — 04

ZREEGRXE

doi;10.3724/SP. ]. 1087.2011. 01598

REEERMEREE

OUPER2EFFH¥ 5 5%5, KR 030031)
( fdy94@ 126. com)

W EAATIAERSREBRBRSGEET, 9 TROAGE TRASBELINO R —BERGBARATX

A A,

R B e B AR, p R T A RIRIR R B B M AR, R ARYE 2 By IE B R e R RS ML, 3R o

THEBERSEST &, DR ES T RRBF—SOEED, @S BRANRSBARIHARLR TREER
FM AT T A SR, B NI 6 AT, B R B T R B R SRR T e B3 R E

B K o R IR AL ¥ H %

X % %’Kﬁ@%, AN HE ey T B RORAEF kA ok

hE 4 &S TP391.41 KRR A

Multi-focus image fusion algorithm based on region energy framework

FAN Dong-yan
(School of Information, Business College of Shanxi University, Taiyuan Shanxi 030031, China)

Abstract: In the multi-focus image fusion algorithm based on wavelet transform, the quality of fuse@es is usually

reduced due to the discrepancy between the adjacent pixels.

usion rule, the

According to the transform dom m‘
eigenvalues of region energy were extracted by using the coefficients of the w velet transform a & obal match degree was

regarded as a way to determine the fusion rules. A new fusion algonti%se on re

improve the quality of fused images, the consistency of the so

framework was proposed. To

ponent was detected. Finally, the

algorithm was simulated in experiments. The results verif gorlt mtter fusion effects than those based on
welighted average, selecting the largest gray value a i %
maic
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