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HC_AL: New active learning method based on hierarchical cinstering
JIA Jun-fang

(School of Mathematics and Computer Science, Shanxi Datong University, Datong Shanxi 037009, China)

Abstract: Concerning the slow convergence speed of unlabeled samples classification while using the traditional Active
Learning ( AL) method to deal with the large-scale data, a Hierarchical Clustering Active Learning ( HC_AL) algorithm was
proposed. During operation in the algorithm, the majority of the unlabeled data were clusiered hierarchically and the center of
each cluster was labeled to replace the category label of this luerarchy. Then the wrong labeled data were added into the
training data sets. The experimental results at the data sets'show that the proposed algorithm improves the generalization ability
and the convergence speed. Moreover, it can greatly improve the active learning convergence speed and obtain relatively
satisfactory learning ability by using the method of lierarchical refinement and stepwise refinement.
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