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Abstract: As most of the face recognition techniques will suffer serious performance drop when there @ one training

sample per person, a face recognition algorithm based on sample augment methods and improved 'I"‘@u

nsional Principal

Component Analysis (2DPCA) was proposed. By analyzing the advantaﬁ‘and disadvantaga:&various sample augment
e

methods, some of them were combined to synthesize virtual samples §

to mal\fe‘
i an training samples were divided into
sub-bl

Improved 2DPCA was chosen to extract the feature of the synth

of the single training image.

hich were normalized by the within-class

sub-blocks and then the covariance matrix was construct %t' w
average value in each sub-block. The experimental li a%(ale face database indicate that the performance of the
and

proposed algorithm is better than those of g e% @
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