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Abstract: Concerning the defects of the artificial setting of the categories number, the sensitiveness to initial cluster

centers and the lack of automatic clustering effects on the ISODATA algorithm, in combination with Gene Expression

Programming ( GEP) a nested iterative self-organizing fuzzy clustering was formed up. This paper presented a new algorithm:

fuzzy ISODATA clustering algorithm based on GEP. This algorithm not only conducted automatic clustering under the condition

of no prior knowledge, but also {ully used the capability of global optimization of GEP algorithm and soft classification features

of ISODATA, which resulted in the increase of the convergence speed and the clustering accuracy. It is verified by simulation

and comparative analysis of the practical problems in GIS logistics location.
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