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Survey on change detection over data stream
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Abstract: Data stream is a type of dynamic data, which is driven by some hidden contexts and may change with time.

Generally speaking, the change implies some event in the real world. To detect change over data stream ti
has a quite wide range of practical applications, and has been one of the hot topics in data stre

comprehensive survey on data stream change detection was presented, and tl

detection approaches and their features were reviewed and eval

d accurately
In this paper, a

t10n was introduced. An

the research outlook of data stream

ey task of ch@~
inductive unifying framework of change detection process was also @ esides a ty of already existing change

change detection was discussed.
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