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Improved Density-Based Spatial Clustering of Application with Noi

algorlthm was put forward. Based

Abstract: Against the massive monitoring data of lightning locatig em, a I@@ﬁowcastmg model based on

on the lightning location data in real-time monitoring syste
the threshold value of the land, built the cluster wi
cluster. Besides, with the application of ad]acw
lightning data had been greatly reduced. F

the path of movement of lightning cluster

nowcasting is effective.
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1?\ 1ghtn1ng density flash point greater than
m ground flash density, and located the core of the

, time and space consumed for the initial search set of

&;on fitting algorithm, the proposed algorithm can predict
results show that IDBSCAN algorithm used in the lightning
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