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Abstract: To resolve the problems of high dimensionality, low accuracy and gvedapping in image clustering, an effective

link-clustering based image multiple-cluster partition method was proj \e?\ this.paper. This method utilized image distance

to measure similarity and identified overlapping clusters by using li

c<§l er mor€ specific compared with others. To validate this

multiple clusters, and this multiple-cluster partition makes ea

method, experiments were carried out on the datasets retm@

shows that the proposed method can find explicit clustgfs
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