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Human action recognition based on cascaded structure

PENG Jiang-ping
(School of Business Adminisiration, Hunan University, Changsha Hunan 410006, China)

Abstract: A human action recognition method based on cascaded structure was proposed in this paper. Firstly, a
trajectory-based method was proposed to select the interest points detected by the Dollar detector, which was sensitive to image
noise, camera movement and zooming. Therefore, the pseudo interest points in the background could be effectively excluded
and the extracted features would be more relevant to action recognition. Secondly, an automatic feature selection method based
on the combination of normalized cuts and mRMR criteria was used to determine a subset of the words generated by the Bag-of-
Words model and construct a cascaded structure for action recognition. The purpose was to make the feature used by the

cascaded structure more distinct. Lastly, the experimental results validate the contribution to the improvement of accuracy in

human action recognition.

Key words: human action recognition; space-time interest point selection; normalized cut; minimal-Redundancy-

Maximal-Relevance (mRMR) criteria; cascaded classifier
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