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Abstract: The estimation of mixture matrix is a key step to s@mblew of blind source separation. But there lacks
€

a general estimation method suitable for well-determined, over

<

d dnd wrnder-determined mixture matrix in the existing

g& of tensor canonical decomposition and mixture matrix in

research. Scaling and permutation ambiguities lie in both fagtor
blind source separation. With this property, the BStQi(?l miRkiPe matrix can be transformed into tensor canonical

decomposition of observed signals’ statistics. The ca

the algorithm of alternating least squares. The theopefic

ecefiipoesition can be implemented by cyclic minimization, with

analys$“and simulations show that the method proposed in this paper

is a general method to estimate well-determinéd, %r-determined and under-determined mixture matrix.
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