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Abstract: To overcome the shortcomings such as being sensitive to initial value of %, premature"lggnce in K-Means

algorithm, this paper presented an improved K-Means algorithm based on artlflclal ﬁsh SWi

anism named NAFS,

Firstly, priori knowledge was exploited to randomly generate some %Z enter R t@ problems to be solved, then

composing the fish swarm environment. Secondly, the cooperatio;

to search satisfied outcome. In view of the deficiency thﬁ'
1ty t

algorithm was introduced according to the fish cro
solution accuracy. The results of expeﬁmentﬂ on

solve clustering problems with high dimensi

t1t1 msm of fish individuals was utilized
1sh sw rone to fall in local optimum, niching
ehorate the dlver51ty of population and improve its

S has higher clustering accuracy and is appropriate to
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