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New approach for super-resolution from a single color image based on sparse coding

YANG Ling, LIU Yiguang , HUANG Ronggang, HUANG Zengxi
( College of Computer Science, Sichuan University, Chengdu Sichuan 610065,NChina)

Abstract: Traditional learning-based super-resolution algorithms generally adepf, tydining images for learning dictionary
pairs, they are time-consuming, and the results strongly depend on the itaining images. To address these problems, a new
super-resolution approach from a single color image was proposed“based on spdrse coding model. According to image self-
similarity and redundancy features, this algorithm utilized lowgt@selution imége itself for training dictionary pairs, combined
with image pyramid structure. Meanwhile, in view of colorNimagesgythe sparse representation based color image storage
technology was used, which concatenated the valuegfof thtee chahmels to a single vector and directly represented them
sparsely. The experimental results illustrate that the proposed ®ethod not only can generate high-resolution images with better
visual effects and higher Peak Signal-to-Noise Ratioy( PSNR\but"also has less computation time.
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