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Multi-objective optimization algorithm for flow shop scheduling with family setup times

YANG Kai-bing' ", LIU Xiao-bing’
(1. College of Information Science and Engineering, Dalian Polytechnic University, Dalian Ligoning 116034, China;
2. CIMS Center, Dalian University of Technology, Dalian Liaoning 116024, China)

Abstract: The objective optimization was to minimize total earliness/tardiness and number of setups at machine. A
jointed algorithm to solve problems based on Control Weight Evolutionary Algorithm (CWEA) and optimization algorithm was
presented. Firstly, the CWEA was used to determine scheduling sequence preference. Secondly, a kind of optimization
algorithm was put forward to adjust the starting time for determined scheduler. The simulation results show that the

effectiveness of the proposed algorithm in solving the problem.
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