Journal of Computer Applications

AU R A, 2012, 32(12) : 3319 - 3321

ISSN 1001-9081
CODEN JYIIDU

2012-12-01
http: //www. joca. cn

XE4E 1001 -9081(2012)12 —3319 - 03

doi;10.3724/SP. ]. 1087.2012. 03319

KFBARMU IS AR FRAUUEE

E R, mmELE, FFL
(L B3kEe AFETHEHIEEES, \LTE Bk 044000; 2. AR RS {5 AR5 TR, K1 410082)
( = EAEIEE B FHR4H linil981 @ yeah. net)

BB BT TR P A R A T B R R B 4R, R T — A KA R
MR BBT L E BEEIANEEEB AR BRGIBET  RABFET WS H 4, BRFHL
H B, RABANENMAL; B 62 A B AL R B2 MR ARG ARG HE, AZE
SRRV ZERR TS ARERN KRR, ZHEAEFTERRER, L P A4 MRBHRRXFTEH 0, FHHFE %
RF&H T MR RS, T A AT RS R E T,

KW R A REE; BTEMRL; R

HESES: TPI8  XEIREME:A

Improved particle swarm optimization for constrained optimization functions
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(1. Public Computer Teaching Department, Yuncheng University, Yuncheng Shanxi 044000, China;
2. School of Information Science and Engineering, Hunan University, Changsha Hunan 410082, China)

Abstract: To overcome the weakness of over-concentration when the population of Particle Swarm Optimization ( PSO) is
initialized and the search precision of basic PSO is not high, an Improved PSO (IPSO) for constrained optimization problems
was proposed. A technique of Good Point Set ( GPS) was introduced to distribute the initialized particles evenly and the
population with diversity would not fall into the local extremum. Co-evolutionary method was utilized to maintain
communication between the two populations; thereby the search accuracy of PSO was increased. The simulation results
indicate that, the proposed algorithm obtains the theoretical optimal solutions on the test of five benchmark functions used in
the paper and the statistical variances of four of them are 0. The proposed algorithm improves the calculation accuracy and
robustness and it can be widely used in the constrained optimization problems.
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