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Stratified sampling particle filter algorithm based on clustering method
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Abstract: To solve the poor robustness due to the changing moving target orlthe inaceurate tracking, a stratified sampling
particle filter algorithm based on clustering method was proposed. The &andpling space/was, divided into several parts by group
sampling to make sampling points focused on the big probability density value part, “thus the sampling error was reduced half of
the original; the clustering algorithm could group the particles reasenably by weight, the diversity of particles was kept, thus

the tracking precision was improved. The experimental results showthat the tracking error of proposed method is less than half

of the original one, and the stability has strengthened injéachssimulation timé, as well as the tracking precision.
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