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speed, low solving precision and high possibility of being trapp

local~gptimum. A FA based on chaotic dynamic

Abstract: The Firefly Algorithm (FA) has a few disadvantageg ﬁ?\\he global searching, including slow convergence

population was proposed. Firstly, chaotic sequence generated

strengthened the diversity of global searching; secondly, t
meets the preset condition, the new population individugls
convergence speed; thirdly, a Gaussian disturbanc
algorithm could effectively jump out of local mimi

based dynamic population FA improves the ca

precision of solution.

map’was used to initiate individual position, which
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