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Improved image denoising algorithm of Contourlet transform based on gray relational degree
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Abstract: In order to denoise image more effectively, an improved Contourlet transform,deroising algorithm based on gray

relational degree was proposed. On one hand, considering the gray relational degree and gnter-scale from the high-frequency
sub-band and low frequency sub-band by Contourlet transform, the Bayesﬁeshold was tmproved; On the other hand, in order

to achieve the purpose of adaptive denoising, the characteristi
t th

compromising threshold function. The experimental results show:

ntoticlét coefficients were used to improve the

e propesed algorithm can denoise image effectively, get

higher PSNR and better visual quality, and has a good pracgical .
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