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Similar key posture transformation based on hierarchical Option for humanoid robot
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Abstract: Concerning the problem in which the fixed locomotion track captured {fom human movement can not be used in
transformation between key postures for humanoid robot, a method ofasimilar key(posture transformation based on hierarchical
Option for humanoid robot was proposed. The multi-level dendrogramiéf*%ey. pdstures was constructed and the difference of key
postures was illustrated in respects of similar joint difference, fmeiment total Similar difference, period total similar difference.
The hierarchical reinforcement Option learning was introdifcedy in_whighi the sets of key postures and Option actions were

constructed. SMDP-Q method tended to be the optimalZ@ption funchion by the accumulative rewards of key posture difference

and the transformations were realized. The experimgfits Show.the validity of the method.
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