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Abstract: The convergence speed of Artificial Glowworm Ssy
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Optimization GAGS@) algorithm declines, even falls into

local minimums, when some glowworms gather in non whole x@ oints or some glowworms wander around aimlessly.

Concerning this problem, an AGSO algorithm based o pti
distribution mutation and optimization adjustment mutat
glowworm swarm, and prevent the AGSO algorithii/h om

\f’{//\

Combining history status information, the descripfigf

distgibution mixed mutation was proposed. Adaptive ¢

s mirodug€dyinte the AGSO algorithm to improve the diversity of
ing infe loeal minimums. Mutation control factor was defined.

OPadaptive ¢ distribution mixed mutation was given. The mutation method

could enhance ability of global exploratigl %ﬁc develgpnient™ The emulation results of representative test functions and

many application examples show that_the

tradition algorithm in terms of speed

seg algorithmsireliable and efficient. Meanwhile, this algorithm is better than

recision {gr secking the optimum.
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