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Density biased sampling algorithm based on variable grid division
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Abstract: As the most commonly used method of reducing large-scale datasets, simplé~random sampling usually causes
the loss of some clusters when dealing with unevenly distributed dataset, A density hiased sampling algorithm based on grid
can solve these defects, but both the efficiency and effect of sampling \&ﬁz\\be affectéd by the granularity of grid division. To
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overcome the shortcoming, a density biased sampling algorithm ba; sC\'m varialfle 5tid division was proposed. Every dimension
%utiom, anid the structure of the constructed grid was

resdlts show that density biased sampling based on variable

of original dataset was divided according to the correspondin,

matched with the distribution of original dataset. The exp

grid division can achieve higher quality of sample da a
biased sampling algorithm based on fixed grid divigio;

seg 16sd execution time of sampling compared with the density
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SRR 1 R T A A B A BT SRR IR A T G
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HER T RA AR

x1 HEERER
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4 s I
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SRS 27 .G_DBS & 3: 1 VG_DBS &1 fyfthke 4k poker-hand 1025010 10 10 513701 8
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THRENE LW RINE 2 s, K2 PHLBRHHEX
B &%t shuttle Krdude A% T SRS Hik, VG_DBS kM G_
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B/, VG_DBS FIEAE AT I A _E 3 68 B AL H (B clean
B AP)) B RE MY KR, VG_DBS Bk i AT i
B2 T G_DBS S8k , T H A B e A il iy s HaK,
VG_DBS 555k i i} [A] 23 £ T SRS B ik, (HEE & Bk
MUBLRYZHTE A, VG_DBS Bk Brim BURE A 7E RIS R BT #6
ORI A>T SRS B9k, T EZET VG_DBS BILH RAK LS
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. clean page-blocks ConfLongDemo_JSI Dataset poker-hand
T T T T T A
VG_DBS 10 95.38 1 96.28 2 93.31 0.1 99.86 10 92.54

G_DBS 10 95.16 1 95.42 2 92.43 0.1 95,57 10 81.78
SRS 10 75.00 1 83.64 2 81.63 0.1 98,97 10 82.77
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i HAERTTE]  BRERIE RRAERSIE RERESIRL  WMAERTIE RERTE RRARROE]  BRSEMTIRL HhAERTE] SRR
VG_DBS 0.250 0.797 0.453 0.375 0.610 90 0.828 0.766 0.984 1.391

G_DBS 0.422 0.921 0.782 1.484 1.094 09 1.454 0.750 1.844 3.641
SRS 0.032 0.484 0.016 0.593 0.03/q 2.6560 0.015 0.735 0.031 9.704
£S5 SFAE VORI M RTR A s
s clean pa \\\‘» ConfLongDemo_JSI poker-hand

e FRERS(R]  JRZEHTIR AR, A AEEISIA]  BZEMPIRL hiRERSR RN E

VG_DBS 2.969 11. 406 287 Py 26.281 16.515 212.184 718.075

G_DBS 1.468 11.328 g@%& A312 440. 829 24.843  2658.465 775.242

SRS 0.016 1. 140 : 016 0.094 0.016 24.765 0.074 758.298
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