Journal of Computer Applications

AL R A, 2013, 33(10) : 2871 - 2873

ISSN 1001-9081
CODEN JYIIDU

2013-10-01
http: //www. joca. cn

LS :1001-9081(2013)10-2871-03

doi:10. 11772/j. issn. 1001-9081.2013. 10. 2871

ETREHERARNIERKESBEIZE

X T, ks, F R
(1. ZBRY BB S5EARSER, -G8 230039; 2. SRS B HEHRE SHARER, &8 230601)
(= Ef51EE B T HRFS luobin@ ahu. edu. cn)

H E:ATASARNBRAGGEME LAY RS BRI, 07 5] 6T 2 H 7 838 (A% 8k sk 44
HRFRANERKRESBAFIHP FERBEATEASHRARNEAKES> B LSRR ESHITHRSE, RS,
K(izE e ATTFEHTRGETY, FRERAVMREOT REA X ERRT L EM®E,

KB RSB HAHR RIS B

MESHES: TP91.41  CEERE:A

Non-negative tensor factorization based on feedback sparse constraints
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Abstract: In order to fully use the structural information of the data, and compress the image data, the sparse constraints
of the subspace (feedback) were applied to the object function of non-negative tensor factorization. Then this algorithm was
used to reduce the dimension of the image sets. Finally, image classiflication was realized. The experimental results on the

handwritten digital image database show that the proposed algorithm can effectively improve the accuracy of the image

classification.
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