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Abstract: An improved multi-objective Cuckoo Search Algorithm (CSA) was proposed to overcsgg\c multi-objective

CSA’s default of low convergence speed in the later period and low solution quahty when it was olve the multi-resource

leveling problem. Firstly, a non-uniform mutation operator was embedm basic u‘@ectlve cuckoo search to make a
al

perfect balance between exploration and exploitation. Secondly,

cooperation and information exchange among the groups to
]ectl

the improved multi-objective CSA outperforms the bag

Based on Pareto ( VEPSO-BP) algorithm wh %
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operator was employed for boosting

conver 1ty The simulation test illustrates that
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