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Abstract: To deal with the problem of inter’bank money laundering, combined with limited information management
methods, a new anti-money laundering model was| presenied\ with central bank High-Value Payment System ( HVPS)
architecture. The proposed model utilizéd distdbuted meomiter podes to trace money laundering crimes. And it used event
description method to record the crime\procedures andego,0n.* A*new grey relational information fusion algorithm was invented
to integrate multi-monitor information. “And*an ifhproved /power spectral algorithm was proposed to deal with fast data analysis
and money laundering recognition operations. The‘simulation results show that the model has better processing performance and
anti-money laundering recognition accuragy(than others do. In detail, the model does well in money-laundering client coverage
(by 12%), discovery rates ( by 12% )gemd recall rates (by 5%) .
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